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Abstract

This paper proposes a model of the impact of technology on the standard of living based on fuzzy 
linear regression. The Human Development Index (HDI) was chosen as a dependent variable as an 
indicator of the health and well-being of the population. The explanatory variables are the Network 
Readiness Index (NRI), which measures the impact of information and communication technologies 
(ICT) on society and the development of the nation, and the Global Innovation Index (GII), which 
measures the driving forces of economic growth. The analysis is based on data for 2019 for four groups 
of countries with different levels of GDP per capita. For developed countries, the positive and balanced 
impact of innovation and ICT on living standards has been confirmed. For two groups of developing 
countries (upper and lower middle income), the GII coefficient was found to be negative. A more in-
depth analysis showed that this is due to the state of political and social institutions. This fact means that 
without a simultaneous increase in the maturity of institutions, stimulation of other areas of innovative 
development (education, knowledge and technology, infrastructure) leads to a decrease in the quality of 
life.
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Introduction

Most countries declare that the high-
est value is the human being, his or 
her rights, and freedom (see, for 

example, Article 2 of the Constitution of the 
Russian Federation). Therefore, many mod-
ern politicians and researchers believe that the 
main goal of the state is the maximum well-
being of citizens, indicators of which are the 
quality of life, equal access to services, the pos-
sibility of self-realization, participation in deci-
sion-making, etc. [1, 2]. One of the catalysts 
promoting well-being, along with political and 
social institutions, is technological progress 
[3]. Therefore, it is essential to understand how 
the use of technology relates to living standards 
and human development. 

The goal of this work is to build quantita-
tive models of the impact of technology on 
the well-being of citizens of different coun-
tries. We pay special attention to modern digi-
tal technologies, the use of which, according to 
many practitioners and researchers, will lead to 
another industrial revolution, which can radi-
cally change both state and social structures and 
individual behavior models [4]. Therefore, we 
chose the Human Development Index (HDI1) 
as the indicator under study, and the Network 
Readiness Index (NRI2) and the Global Inno-
vation Index (GII3) as explanatory variables. 
The study was conducted on data from 2019.

We also believe that the impact of technol-
ogy on well-being is different for developed and 
developing countries [5, 6]. To identify groups 
of countries, we used the World Bank approach 
based on GDP per capita [7] and divided the 
countries under study into four groups.

The results obtained confirm the positive and 
balanced impact of innovation and information 
and communication technologies (ICT) on the 

standard of living for developed countries. For 
two groups of developing countries (upper and 
lower middle income), the GII coefficient was 
found to be negative. A more in-depth analy-
sis showed that this is due to the state of politi-
cal and social institutions. This fact means that 
without a simultaneous increase in the matu-
rity of institutions, stimulation of other areas 
of innovative development (education, knowl-
edge and technology, infrastructure) leads to a 
fall in the living standards in developing coun-
tries.

1. Review of the literature

Most researchers studying the impact of ICT 
at the country level have focused on increas-
ing productivity as measured by GDP. Many 
empirical works have proven that investment in 
ICT leads to GDP growth in developed coun-
tries [5], and the effect of ICT is faster than 
the effect of other technologies [8]. However, 
no such positive relationship between ICT and 
GDP has been found in developing countries. 
The authors of [5] explain this by the lack of 
appropriate complementary resources and 
technologies that must complement ICT to 
ensure sustainable growth.

Later studies [6, 9] showed that the impact 
of ICT is not limited to productivity growth 
(i.e. GDP). On the contrary, the use of ICTs 
also improves the well-being of the country by 
helping citizens develop their social capital and 
achieve social equity, and also ensures equal 
access to health services and education for 
all groups of the population. Also, the report 
[10] argues that a networked environment that 
makes it easier to develop and sell services can 
create 140 million new jobs and lift 160 million 
people out of poverty. 

However, not all countries with a similar ICT 
structure (ratio of a fixed to mobile phones, 

1  http://hdr.undp.org
2  https://networkreadinessindex.org
3  https://www.globalinnovationindex.org
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access to the Internet, etc.) improve their level 
of well-being in the same way [6]. This can be 
explained by the influence of factors such as 
political and social characteristics, the level of 
trust, the development of the legislation and 
regulations.

Thus, more research is needed on the impact 
of ICT on living standards. Therefore, in this 
paper, we propose a model of the effects of 
innovation (measured through the global 
innovation index, GII), including ICT (Net-
worked Readiness Index, NRI), on the devel-
opment of the nation (Human Development 
Index, HDI).

The Human Development Index (HDI) 
is a statistical tool that integrates three key 
dimensions: health and life expectancy, edu-
cational attainment, and living standards. 
HDI is calculated as the geometric mean 
of the normalized indices over these three 
dimensions [11]. HDI has been published by 
the United Nations Development Program 
since 1990 [12]. It is a standard tool for com-
paring the living standards of different coun-
tries. Depending on the HDI value, countries 
are usually classified according to their level 
of development: very high, high, medium, and 
low.

HDI can also be considered as an indirect 
indicator of the maturity of social institutions 
since they contribute to human development 
[13]. Along with an important instrumen-
tal role in creating and strengthening certain 
abilities, social institutions shape individual 
preferences and behavior, since people can-
not be considered completely autonomous. 
Furthermore, the relationship between people 
and institutions determines whether a society 
is peaceful, cohesive, and inclusive.

The Networked Readiness Index (NRI) is 
a holistic framework for assessing the multi-
faceted impact of information and communi-
cation technologies on society and the devel-
opment of a nation [14]. The NRI identifies 

three key dimensions for ICT: individuals/
society, enterprises, and governments. It con-
tains elements describing the application of 
ICTs in national economies, including, for 
example, the quality of regulations.

NRI is published by the World Economic 
Forum in partnership with the World Bank, 
INSEAD Business School and Cornell Uni-
versity. In 2019, the index model was revised, 
and today it includes four main dimensions 
(technology, people, government, and influ-
ence), each of which is a combination of three 
sub-indices [14].

However, when studying the impact of 
technology on the well-being of nations, it 
would be illogical to limit the research only 
to the consideration of ICT, since significant 
advances are being observed in other indus-
tries – medicine, agriculture, space research, 
etc. Therefore, we included the Global Inno-
vation Index (GII) in our model, which is 
based on an extensive database of detailed 
indicators for the economies of different 
countries [15]. GII is published by Cornell 
University, INSEAD and the World Intel-
lectual Property Organization (a specialized 
agency of the UN).

Recognizing the pivotal role of innovation in 
driving economic growth and prosperity, the 
GII includes indicators that go beyond stand-
ard innovation measures, such as the level of 
research and development. The GII is based 
on two sub-indices, the Innovation Input Sub-
Index and the Innovation Output Sub-Index, 
each of which is based on seven key elements. 
Five elements describe the characteristics of 
the national economy that drive innovation: 
(1) human capital and research, (3) infra-
structure, (4) market sophistication, and (5) 
business sophistication. Two elements reflect 
the actual results of innovation: (6) knowledge 
and technology outputs and (7) creative out-
puts. To calculate these indices, 80 different 
indicators are used.
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2. Model,  
data and method

Our study is based on the following hypoth-
esis: the national innovation system (as meas-
ured by GII) and the development of ICT in 
the country (as measured by the NRI) posi-
tively affect the level of well-being of citizens 
(as measured by the HDI), but this effect is 
different for groups of countries that differ in 
GDP per capita.

Figure 1 presents a research model showing 
the indices, their dimensions and relationships 
between the indices. 

The required data was downloaded from the 

sources provided in the Introduction. For the 

study, we used the latest actual values  of the 

indices published in 2019; the total sample 

contains data for 112 countries. In addition to 

the values  of the listed indices, the sample also 

included the GDP per capita obtained from 

the World Bank website. Table 1 presents the 

statistical characteristics of the indices, and 

Figure 2 – the study of their mutual correla-

tion. In the diagonal elements of the matrix in 

Figure 2, the distributions of the correspond-

ing indices are shown, in the cells above the 

Fig. 1. Research model

Table 1.
Descriptive statistics

Index Min Max Mean Standard deviation Median Skewness Kurtosis

HDI 0.43 0.95 0.76 0.13 0.79 –0.65 –0.46

GII 20.40 67.20 37.56 11.70 34.45 0.68 –0.65

NRI 22.07 82.65 52.47 16.54 51.17 0.10 –0.91

HDI

NRI

GII

Health and life expectancy 

Well-being 

Living standards

Institutes

Human capital & Research

Infrastructure

Market sophistication

Business sophistication

Knowledge & Technology outputs

Creative outputs

Individuals / society

Enterprises

Government
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diagonal – the pair correlation coefficients, 
in the cells below the diagonal - scatter dia-
grams.

As follows from Figure 2, all the variables are 
strongly correlated,  is not less than 0.7, and 
in some cases, even close to one. The scatter 
plots show that the GII and NRI indices are 
significantly correlated with HDI, with an  

value greater than 0.8. There is also a strong 
pairwise correlation between GII and NRI, 
potentially leading to multicollinearity.

All 112 countries were divided into four 
groups on base of value GDP per capita (Table 
2) in accordance with the classification of the 
World Bank [7], which is used to compile the 
GII index. Figure 3 shows the distribution of 

Fig. 2. Indices correlation
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Table 2. 
Groups of countries according to the value of GDP per capita

Category Subcategory
Minimum value  

of GDP per capita  
(USD)

Maximum value o 
f GDP per capita 

 (USD)

Number  
of countries  
in the group

Developed Developed 12 235 – 47

Developing

Upper middle income 3 956 12 235 34

Lower middle income 1 006 3 956 23

Low income – 1 006 8
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HDI for the selected groups of countries: it can 
be seen that they differ, and the statistical sig-
nificance of these differences is confirmed by 
the results of the ANOVA analysis.

The most widely used statistical method to 
model the dependencies between variables 
is linear regression analysis. However, in our 
case, there are problems that prevent its appli-
cation. As already noted, this is multicollinear-
ity, as well as a small sample size for each group 
of countries studied. Therefore, we use fuzzy 
regression.

When the uncertainty of the system is due to 
a small amount of data, measurement errors, 
biased estimates, and other human factors, we 
are dealing with a fuzzy structure of the systems 
under consideration. In a statistical regression 
model, deviations between observed values and 
calculated values are considered random and 
associated with measurement errors. In a fuzzy 
regression model, these deviations are assumed 
depending on the uncertainty of the structure 
of the system. Thus, fuzzy regression is appli-
cable in cases where the data structure resists 
statistical analysis [16, 17].

Fuzzy number  is defined by the mem-
bership function , where a is a 

modal value, for which . Tri-
angular fuzzy numbers are given by a triplet  
A = (a

L
, a

C 
, a

R 
), where a

L
  a

C 
  a

R
, interval 

[a
L
; a

R 
] is a reference set (a

L
 is a lower bound, 

and a
R
 is a upper bound), a

С
 is a modal value 

[18]. The membership function of triangular 
fuzzy number is

A crisp number can be considered a special 
case of a fuzzy one, for which a

L
 = a

C 
 = a

R 
, cor-

responding membership function is

Let us have m observations y
1
, ..., y

m
 of varia-

ble Y and corresponding values of n exogenous 
variables x

ij 
, i = 0, ..., m, j = 0, ..., n. A fuzzy lin-

ear regression model can be presented as 

Fig. 3. HDI distribution by country group
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The problem of a fuzzy regression, formu-
lated in [19], consists in the selection of fuzzy 
coefficients A

j 
, j = 0, ..., n, which must satisfy 

two conditions [20]:

 Fuzzy numbers  should contain 
crisp observations  with confidence not less 
than some given number h, i.e. the inequality 

 must be satisfied;

 Total fuzziness of A
j
  should be minimal. 

In our study, we set h = 0, i.e. we replace the 
condition  by the requirement that   
belongs to a reference set of  .

In the conclusion of this section, it is nec-
essary to make a few comments regarding the 
interpretation of the fuzzy model. As a result 
of constructing fuzzy linear regression, we 
get the set  = (a

L
; a

C 
; a

R 
) for each observed 

value of  , but it is not an analog of the con-
fidence interval obtained from the statisti-
cal linear regression model. A statistical con-
fidence interval indicates confidence (e.g., 
95%) that the relationship between the vari-
ables is as the model describes. The value of 
the membership function 

 
 shows the cer-

tainty that the fuzzy value A is equal to . A 
high level of certainty does not mean a high 
probability of an event; however, if an event is 
uncertain, then it is impossible. In this sense, 
the fuzzy regression model is rougher about 
the situation, but that is why it is more robust 
when there is little information about system 
structure.

3. Results

To design the models, we used the PLRLS 
(Possibilistic Linear Regression combined with 
the Least Squares) method proposed in [21], 
since this allows us to obtain estimates of the 
target variable in the form of asymmetric trian-
gular fuzzy numbers. All calculations were per-
formed using the FUZZYREG package [22] 
for the R language.

The coefficients obtained for different groups 
of countries are presented in Table 3. Col-
umn  presents the quality score of the 
model. It is calculated as the average of the dis-
tances between the actual observations , con-
verted to fuzzy triangular numbers , and 
predicted triangular numbers . According 
to [16], the distance between two fuzzy num-
bers A = (a

L
; a

C 
; a

R 
) and B = (b

L
; b

C 
; b

R 
)  is

The value determined in this way measures 
the proximity of two membership functions; 
for d 2(A, B) = 0 the membership functions A 
and B are equivalent.

The  values  show that the model’s 
confidence slightly decreases with a decrease 
in income, i.e. the lower the GDP per cap-
ita, the lower the accuracy of describing the 
dependence of human development on ICT 
and innovation. However, comparing these 
distances with the actual HDI values, it can be 
concluded that the reduction of accuracy is not 
significant. 

Also, when analyzing Table 3, attention 
should be drawn to the fact that in all cases, 
except countries with low GDP per capita, the 
coefficients at NII and GII are the crisp num-
bers, and the fuzziness of the model is provided 
by the intercept term.

As in the case of the statistical model, the 
intercept can be interpreted as the value of the 
target variable in the case when the values   of all 
regressors are equal to zero. In this case, this 
means that the intercept term sets a certain 
“basic” value of the fuzzy set, which for a par-
ticular observed object is adjusted by the vari-
ables describing it.

These basic values of fuzzy sets for differ-
ent groups of countries are shown in Figure 4. 
Note that, the range  increases as we move from 
developed countries to lower-middle-income 
countries but turns into a crisp number for low-
income countries.
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Interestingly, there is an overlap of inter-
cepts for developed and upper-middle-income 
(UMI) developing countries. However, from 
the data presented in Figures 3 and 5, there is 
no significant overlap between these groups. 
This fact can be explained using the coeffi-
cients of the variables GII and NRI. For devel-
oped countries, both coefficients have simi-
lar values, which means that the states of this 
group are more or less balanced in developing 
all innovative technologies that contribute to 
improving the quality of life.

In the group of developing countries with 
upper middle income, ICT has a much more 
significant impact on human development. 
However, the coefficient of the innovation 
index has a negative value. This shocking result 
means that innovative activity in the country is 
associated with a fall in the quality of life.

For a deeper understanding of this phenom-
enon, consider a group of countries that are 
at the intersection of the sets of developed 
and developing countries with upper middle 
income (Table 4). This analysis is of particular 

Table 3. 
Coefficients of fuzzy linear regression models

GDP per capita category Intercept term NRI GII

Developed (0.5861; 0.6094; 0.6427) 0.0024 0.0023 0

Above middle income (0.5139; 0.5786; 0.6189) 0.0061 –0.0033 0.01

Below middle income (0.1938; 0.2749; 0.3445) 0.0016 –0.0029 0.01

Low 0.2649 (0.006; 0.008; 0.0016) 0.0006 0.02

Developed countries
Upper-middle-income countries

Lower middle income countires
Low GDP per capita

Fig. 4. Intercept terms of fuzzy regression models for different groups of countries
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Fig. 5. Fuzzy models for all groups of countries. 
The solid line corresponds to the actual HDI value, the dashed lines show the interval   

computed based on the fuzzy regression model. The values  are sorted in the ascending order of the HDI index
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interest to the authors also because the Russian 
Federation also belongs to this group.

As follows from the data presented, Bulgaria 
has an NRI value comparable to Russia, while 
being ahead of it in terms of the innovation 
index. However, in the human development 
ranking, Bulgaria is below Russia. Argentina, 
losing to Russia in both exogenous variables, 
is ahead of Russia in HDI precisely due to 
the lower GII value. Similarly, Malaysia out-
performs all of the countries listed in Table 4 
in both the NRI and the GII but has the low-
est HDI score. China is significantly ahead of 
Russia in technology indices but lags behind in 
the human development index.

Table 5 presents an analysis of the strengths 
and weaknesses of innovative development by 
GII sub-indices based on the 2019 report [15] 
for several countries comparable to the Russian 

Federation. A “+” sign in a cell means that the 
compilers of the report marked this direction as 
a strong side, a “– “ sign corresponds to a weak 
side. The “+/–” signs correspond to sub-indi-
ces in the assessment of which both strengths 
and weaknesses were recorded.

There are several features common to coun-
tries belonging to different groups:

 Developing countries are characterized by 
less mature institutions compared to developed 
ones;

 In developing countries (and especially in 
Russia) the situation with the creation of new 
products and services is worse. At the same 
time, the development of human capital and 
the processes of acquiring and using knowl-
edge in developing countries are rated higher 
on average, but the impact of knowledge on 
performance is low;
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 The strong point of developed countries is 
the ecological sustainability;

 The strength of all considered developing 
countries as opposed to developed countries is 
the size of the market.

Figure 6 shows the average values   of the GII 
sub-indices for three developed countries 
(Croatia, Romania, Uruguay) and four devel-
oping countries with an upper middle income 
(Argentina, Russia, Malaysia, China), listed in 
Table 5. As you can see, the selected developing 
countries are ahead of the developed across all 
dimensions, except for institutions and infra-
structure.

Also, for all the considered developing coun-
tries with an upper middle income, the same 
features of financing innovation were recorded. 
Public investment (as a percentage of GDP) 
is at a level comparable to developed coun-
tries [23], but private investment is noticeably 

Table 4. 
Countries comparable to the Russian Federation  

in terms of indices

HDI  
Rank Country GII NRI HDI GDP per capita 

(USD) Country group

41 Croatia 37.8 56.75 0.831 14 910 Developed

42 Argentina 31.9 51.27 0.825 11 684 Developing / UMI

43 Oman 31.0 52.87 0.821 16 415 Developed

44 Russia 37.6 54.98 0.816 11 289 Developing / UMI

45 Bulgaria 40.3 54.77 0.813 9 273 Developing / UMI

46 Romania 36.8 55.47 0.811 12 301 Developed

47 Belarus 32.1 50.34 0.808 6 290 Developing / UMI

48 Uruguay 34.3 56.4 0.804 17 278 Developed

49 Kuwait 34.6 53.39 0.803 33 994 Developed

50 Malaysia 42.7 63.76 0.802 11 373 Developing / UMI

70 China 54.8 57.63 0.752 9770 Developing / UMI

UMI – Upper middle income

lower than in developed countries. Moreover, 
developing countries lag significantly behind 
in terms of foreign direct investment [24]. This 
testifies to the lack of faith of local private and 
foreign investors in the possibility of obtaining 
a reliable income, which is primarily associated 
with an assessment of the stability of the politi-
cal, economic and social environment.

Thus, we can conclude from the data pre-
sented that the state of institutions is the main 
factor hindering the improvement of the qual-
ity of life for developing countries. Without 
increasing the maturity of institutions, stimu-
lating other areas of innovative development 
(education, knowledge and technology, infra-
structure) leads to a decrease in HDI. For Rus-
sia, among the possible manifestations of this 
effect are:

 High percentage of emigration in the most 
qualified part of the population;
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Table 5. 
Strengths and weaknesses  

of countries based on GII sub-indices

Sub-index GII

Developed Developing/ UMI

Croatia Romania Uruguay Argentina Russia Malaysia China

Institutions

Political environment + – +

Regulatory environment + – – – –

Business environment – – –

Human capital & Research

Education + – + + + –

Tertiary education – + – +/– + + –

Research & Development – – – + + +

Infrastructure

ICT +

General infrastructure – – +

Ecological sustainability + + + – –

Market sophistication

Credit – – – – –

Investment – – – – + –

Trade, competition & market scale – – +/– + + +

Business sophistication

Knowledge workers + – + + – +

Innovation linkage – – – +/– –

Knowledge absorption – + +/– + + + +/–

Knowledge & Technology Outputs

Knowledge creation + – + – +

Knowledge impact +/– + + – – +

Knowledge diffusion – + + + +

Creative outputs

Intangible assets + – +/– +

Creative goods & services + + +/– + – +/– +/–

Online creativity + + –
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 Low return on investment in intellectual 
assets. For example, public investments in 
supercomputers was analyzed in [25]. It was 
shown that in Russia the return in the form 
of new knowledge (publications in prestigious 
international journals) is at a much lower level 
than in other countries, both developed and 
developing. Among the listed reasons for this 
are: the weak connection between science and 
industry, low demand for the results of scien-
tific activities in industry, the availability of for-
eign science-intensive products.

 A high share of the state in the economy 
(according to various estimates, up to 70% of 
GDP). However, an empirical study [26] shows 
that knowledge is not an efficiency factor for 
organizations where the state is the owner.

 The tendency towards self-isolation, 
including in scientific research. In particu-
lar, the work [27] shows that the priorities of 
Russian researchers in the field of ICT do not 
coincide with the priorities of the international 
community, and the publications are inferior in 
quality to the results of foreign authors.

In addition, according to forecasts [28], the 
development of technology can lead to the 
emergence of a society controlled by the elite, 

not restrained by traditional values. Already, in 
some countries it is possible to establish almost 
continuous surveillance of every citizen. The 
information collected can be used by elites in 
their own interests, which do not coincide with 
the interests of citizens. The most prominent 
example of such a platform is WeChat, used by 
the Chinese government [29, 30].

For developing countries with lower middle 
income (LMI), the model (Table 3) looks sim-
ilar to countries with upper middle income – 
the positive impact of NRI and negative GII. 
However, in this case, the intercept term is 
sharply shifted to the lower values (Figure 4) 
and the influence of ICT on the standard of 
living is much less expressed. It can be stated 
that for these countries, all the same problems 
are significant as for countries with upper mid-
dle income, but they are exacerbated by the 
even lower quality of institutions and infra-
structure. These countries include, for exam-
ple, Ukraine, Moldova, and Kyrgyzstan. How-
ever, it should be noted that they are ahead of 
many lower-middle-income countries in terms 
of the human development index (Table 6). 
For example, Ukraine is comparable to China 
in terms of HDI but has noticeably lower val-
ues of NRI and GII indices and GDP per cap-
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ita. This situation is primarily associated with 
political instability, i.e., with the quality of 
institutions. Still, in general, the post-Soviet 
countries have a higher HDI value than other 
countries comparable to them in terms of tech-
nological indices. This can be explained by a 
higher assessment of the population, which is 
still largely inherited from the USSR.

For low-income countries, the structure 
of the model changes: an intercept is a crisp 
number, and the fuzzy is the coefficient of the 
NRI. Note (Table 3, Figure 4) that the resulting 
intercept term (0.2649) is close to the modal 
value for developing countries with lower mid-
dle income (0.2749). However, for this group 
of countries, the influence of ICT is expressed, 
firstly, to the least extent, and secondly, it is 
described by a fuzzy number. Obviously, this is 
due to extremely low income, which does not 
allow people to purchase mobile phones and 
other tools of accessing information, and busi-
ness and government to develop telecommu-
nications and information services. Note also 
that for this group of countries, the GII index 

has a positive effect on HDI, but small values 
of the innovation index neutralize this effect. 
This group includes mainly African states with 
an extremely unstable political situation and 
an undeveloped economy (Uganda, Ethiopia, 
Mali, etc.).

Conclusion

Thus, fuzzy regression analysis of the depend-
ence of the human development index on the 
network readiness index and the global inno-
vation index revealed some important patterns 
of the influence of knowledge, technology, and 
infrastructure on the welfare and quality of life 
in a country.

For developed countries, the positive impact 
of innovation and ICT on living standards has 
been confirmed, but for developing countries, 
the coefficient at the global innovation index 
is negative. In fact, this means that stimulating 
innovation without developing political and 
social institutions leads to a fall in the quality 
of life.

Table 6. 
Some developing countries at the intersection  

of upper middle income (UMI) and lower middle income (LMI) sets

HDI rank Country GII NRI HDI GDP per capita Country group

67 Armenia 34.0 49.84 0.755 4212 UMI

70 China 54.8 57.63 0.752 9770 UMI

72 Ukraine 37.4 48.92 0.751 3095 LMI

74 Mongolia 36.3 39.91 0.741 4121 UMI

75 Tunisia 32.8 42.04 0.735 3447 LMI

76 Jordan 29.6 46.97 0.735 4241 UMI

79 Paraguay 27.1 40.55 0.702 5821 UMI

80 Moldova 35.5 48.93 0.700 3227 LMI

DATA ANALYSIS AND INTELLIGENCE SYSTEMS



BUSINESS INFORMATICS   Vol. 14  No 3 – 2020

80

A more in-depth study of this phenomenon 
requires the joint efforts of various sciences, but 
already at the moment it is possible to formulate 
three closely related mechanisms that explain 
the negative effect of innovation on the stand-
ard of living:

1. With limited resources, their redistribution in 
favor of stimulating innovation leads to a reduc-
tion in support for health care, education, etc.;
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